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ABSTRACT  

Various route planning algorithms exist today in many location-based services. These algorithms aim 

to optimize a certain criterion, mostly the shortest path or the shortest travelled time from origin to 

destination. Urban routes are many times experienced and perceived differently by different users, or 

even perceived differently by the same user having a different purpose of travel. We argue that each 

route has unique spatial attributes and characteristics that may have a different influence on the 

pedestrians’ visual perception, where this can be used as a qualitative travel experience criterion to a 

specific user profile or specific user interest and objective.  

In this paper, we present a new route planning model, where we consider the user experience thorough 

visual perception, as an alternative to the default route calculation models that are mostly derived 

from parameters associated with the road network geometry and topology. The analysis is based on 

the interpretation of visibility calculations (via the aggregation of line of sights), namely what the 

pedestrian observes while walking along a path, representing the experiential attribute of the 

pedestrian. The foundation of this model is the ‘3DVA’ model, enabling disassembling the 

environment to all predefined visible components, such as building types, landmarks, urban functions, 

green areas, sky view and more. The frequency and magnitude of the visibility to specific element 

types, or a combination of visual elements (heterogeneity versus homogeneity) for a specific route, 

can indicate on a particular spatial experience that is unique to each of the analysed routes, resulting in 

recommending the route that has the maximum wanted effect on the user experience. Consequently, 

the route planning model can suggest tailored routes for specific user/pedestrian profiles, augmenting 

the existing route planning algorithms, and enriching the currently used location-based services.  
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1. INTRODUCTION AND MOTIVATION 

The physical attributes of the built environment affect how people sense and use it; these influence 

their perception, emotions, behaviour and general wellbeing. Since pedestrian movement is 

considered as one of the important characteristics of a sustainable urban environment, it should be 

encouraged and being able to tailor routes to a specific user profile, purpose of travel and state of 

mind. This will largely contribute to promoting the pedestrian as an experiential opportunity, in 

addition to the functional need of movement from one place to another. As the perception of space is 

mostly influenced by visibility, simulating the visual ques along possible routes may assist relating 

them to specific perceptions and emotions, and perhaps even to the possible behaviour they will result 

in. 
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Wayfinding, which is mostly constructed through the visual channel, is a natural skill that pedestrians 

do throughout their entire life, helping them to successfully navigate from one place to another. It 

involves the integration of perceptual and cognitive structures of the space they traverse into spatial 

information to stimulate mental representations. Modelling this process has practical implications and 

applications, such as identifying environmental architectural and planning requirements, and enhance 

the traveling experiences. In terms of wayfinding, most route planning algorithms usually aim to find 

the shortest or fastest path, which is not necessarily the most preferred and optimized path for people 

having a specific need or preference, let alone those who want to actively experience the environment. 

Their individual requirements might include the provision of supplemental points of interest or 

specific architectural phenomena, for example. Moreover, some users might prefer and be willing to 

take a longer but more interesting route, other than the shortest one. Accordingly, designated route 

planning should integrate a cost function, which weighs and incorporates specific predefined and 

multiple criteria, to determine and produce optimized routes. Furthermore, customized routes can be 

directly gained by applying the user preferences beforehand (Völkel, & Weber, 2008). 

Route planning that should show a specific context is a task that requires skilled interaction with 

different resources and sources: one may rely on guides and books, while the other will use the 

internet search engines and ask for family and friends’ recommendations. Accordingly, smart route 

planning and navigation solutions are developing fast, aspiring to keep paste with the growing diverse 

users’ demands and needs. Consequently, with the growing volumes of data and information available 

from different sources having various context, we rapidly replace the use of paper maps and guides for 

wayfinding and navigation with navigation systems – and apps, such as Google Maps. These mostly 

will take into account the fastest or shortest route, and some will be able to produce more complex 

and context-aware solutions. The ability of route planning and navigation systems today to combine 

external data layers and information, other than the road network only (to derive geometrical and 

topological parameters), is very limited. Such that these systems are still incapable to integrate 

contextual data with the aim of planning and recommending a more tailored route suitable for the user 

preferences. One of the main challenges that location-based services face is the ability to extract 

supplementary information to develop contextual knowledge and understanding regarding the urban 

environment and integrate these in the route planning and navigation system. The ability to cross-

reference information from various sources and develop user-oriented insights into the world of route 

planning is still a major challenge. 

In this paper, we present a new route planning model where we consider the user experience thorough 

visual perception. The route planning analysis is based on the interpretation of visibility calculations, 

namely what the pedestrian observes while walking along a path, representing the experiential 

attribute of the pedestrian. The foundation of this model is the ‘3DVA’ model, enabling disassembling 

the environment to all visible components defined by the user, such as building types, landmarks, 

urban functions, green areas, sky view and more. Preliminary experiments show that different patterns 

and quantifications of visibility, representing variant urban typologies, to the variant visual 

components are emerged, which directly affect the different perceptions and experiences of the 

pedestrians (Fisher-Gewirtzman, 2019).  

LITERATURE REVIEW 

Simulating visual perception 

Researchers have endeavoured to describe the complexity of the urban structure with analytical 

models and tools designed to represent this complexity by measuring the wide range of data available, 

with its numerous and varied characteristics (Batty, 2013). Several research studies have explored the 

relationship between the urban space morphology and how the users perceive its experiential qualities, 

some with 2D and others with 3D visual analysis (Fisher- Gewirtzman, 2017). A recent overview of 

3D visibility analysis and representations of three-dimensional isovists was presented by Dalton and 

Dalton (2015). They observed various attempts and reported on their capacity to represent meaningful 

complex spatial information. They also presented expert evaluations of these various attempts. The 

3D Dynamic Visual Analysis (3DVA), suggested by Fisher- Gewirtzman (2017), simulates and 

predicts the visual perception of a human moving along an urban path. This analytical model was 

assessed in an experiment conducted in an immersive virtual environment, using variant urban path 

morphologies, where the movement velocity was equal for all paths (Fisher-Gewirtzman, 2018). The 

challenge of different movement experiences was negotiated by further developing and refining the 

potential of this model (Fisher-Gewirtzman and Bruchim, 2018). 
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The visibility analysis model was developed in the Rhinoceros and Grasshopper software 

environments. This enabled a 3D Line Of Sight (LOS) visibility analysis, taking into account the 

integrated effect of the geometry of the environment, as well as the variant elements of the view, such 

as the sky, trees and vegetation, buildings and building types, roads, water etc. The full description of 

the DVA model can be found in Fisher-Gewirtzman (SSS2017). The visibility analysis is based on a 

LOS computation from each viewpoint of the pedestrian along the route to a target surface, i.e., spatial 

element. Accordingly, all LOSs is accumulated for each viewpoint. A maximum length of 1 km is set 

to represent distant views, meaning that no spatial element is in sight, and these are translated to the 

sky view. Consecutive viewpoints are predefined along each path, where the distance between two 

consecutive viewpoints can be changed according to the characteristics and length of the path. In the 

case of comparison among variant paths, it is important to define a set number for all the paths, or a 

set distance between two consecutive viewpoints (in the case we want to amplify the influence of the 

distance). The LOSs are created by drawing virtual lines from the viewpoint to a grid of points that 

are projected on a curved plane in the direction of movement along the defined path. The LOSs is 

intersected by the first spatial opaque element or surface they meet, and their length is measured and 

recorded. The final stage consists of summing up the calculations of all viewpoints defined along the 

path. The dynamic movement of walking along an urban path was represented as the accumulated 

visibility calculations of consecutive viewpoints along that path directed towards a target point and 

was represented through graphs documenting distance and intensity of visibility for each view point. 

In this current work, the distances of the LOSs were calculated as a square root. In this way, the closer 

the element, the stronger its impact on the pedestrian, and accordingly on the pattern of visibility, 

assuming this becomes closer to reality. 

 

 

Figure 1: Simulating the visual perception of a pedestrian walking in a park (top) and along a road surrounded by buildings 
(bottom). Various LOSs exists for a specific viewpoint, with colors depicting the different attribute class types of the built 

environment. 

Route planning 

Route planning is an important part of location-based services and applications. The route, generated 

by the planning system, should provide an optimized path through places of interests (targets) by 

minimizing the route length or by applying other constraints. A common formulation of routes can be 

made from the travelling salesman problem (TSP) or the vehicle routing problem (VRP). While the 
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classical orienteering explores the navigational skill of the participants, optimal routes can also be 

found by solving an open-loop travelling salesman problem, which has been shown to be a non-

deterministic polynomial-time (NP) hard problem (Papadimitriou 1977, Fränti et al. 2017). 

The increasing diversity of authoritative open source data (e.g., governmental, municipal) and user-

generated personal content (e.g., geotagged locations and photos shared on online social media) has 

generated an increasing interest in multiple recommendations and planning systems (Sester and 

Dalyot, 2015). Accordingly, when handling these data and information, two challenges exist: (1) what 

can be considered as relevant and informative content – and from what sources, namely requiring the 

retrieval of the relevant information, such as places of interest (POI), and (2) how to weigh and 

generate routes between the predefined locations and POIs (e.g., Borràs et al. (2014) and Gavalas et 

al. (2014)). 

Automatic route planning systems aim at providing paths by predefined sets, such as context 

awareness and personalization, where most route planning solutions are considered to have an 

orienteering problem (Vansteenwegen et al. 2011). Lim et al. (2018), for example, provided 

personalized tourism routes that were based on the interest and preference of the user, while Chen et 

al. (2017) enriched the road database with parameters of density and distribution of user-generated 

data to plan scenic routes. Gavalas et al. (2015) generated routes that take under consideration 

constraints derived from public transit, while Keler and Mazimpaka (2016) suggest to generate safe 

routes by avoiding areas that are considered unsafe and dangerous. 

Popularity and public interest are commonly considered, where Gionis et al. (2014), for example, 

generate routes that pass through known POIs, while relying on predefined start and end points, 

together with a distance constraint. Other, such as Mor and Dalyot (2018), propose a route planning 

where the POIs are extracted from the clustering of geo-tagged photos on social media, while 

calculating distance-optimized walking routes using a bi-dimensional nearest neighbour (NN) 

algorithm. Others, such as Li et al. (2017), combined both travel time and travel comfort to suggest 

routes, where Sun et al. (2015) use the Dijkstra algorithm with weighted popularity road matrix to 

compute routes. Korakakis et al. (2016) solved the orienteering problem by defining a sequential set 

of POI data to maximize the traveler satisfaction in the route planning, whereas Subramaniyaswamy 

et al. (2015) used a weight graph method for route planning. 

OBJECTIVE 

Our objective is modelling and quantifying spatial experience qualitatively, and add this criterion to 

the route planning. Accordingly, this will allow to suggest optimized routes for a specific pedestrian, 

relying on his/her predefined profile and state of mind. We believe that integrating the user’s preferred 

spatial experience context into the route planning process will result in recommending the route that 

will have the maximum preferred effect on the user, tailoring the location-based service to his/her 

preferences. 

2. DATASETS AND METHODS  

MODEL DESCRIPTION - the Visual Perception Tailored Route (VPTR). 

Rational: 

The perception of space is largely influenced by vision and visibility to the close and distance 

environment. The association between visibility to spatial elements in the visual space to a specific 

pedestrian profile or even state of mind is argued. A tourist would probably want to see as many 

landmarks and tourism POIs as possible along his/her route. Alternatively, an anxious person, looking 

for some relaxation while walking the city, would prefer a route that passes through the park, a route 

that is less busy (less people, less traffic) with as many greenery/trees, or a walking route along the 

waterfront. The VPTR model is directional, such that the visibility is very much dependent on the 

direction of movement or direction of visibility. In addition, we argue that close by elements have a 

stronger impact on the user perception – and hence experience. 

The methodology of this proposed model can be formulated by two preliminary options: 

1. ROUTES. In this case, the algorithm defines all possible routes between the origin and destination 

points defined by the user; it filters out unrealistic routes (e.g., length criterion based on the shortest 
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possible length); visibility analysis of all visual elements defined for the analysis; and only then, 

categorize and classifies the routes according to the user profile and state of mind. The users can then 

choose from the generated routes suggested to them. See Figure 2. 

2. USER PROFILE/STATE OF MIND. In this case, the algorithm activates a preliminary definition 

of association between the visibility to specific elements, and a specific user profile or state of mind. 

An extensive area is analysed based on low resolution polygons, relying on predefined scenic 

attributes. After filtering unrealistic routes (e.g., length criterion based on the shortest possible length), 

the optimized possible routes that correspond to the user profile and the scenic attributes are 

highlighted. See Figure 3. 

  

Figure 2: ROUTES model. 

     

Figure 3: USER PROFILE/STATE OF MIND model. 

DEMONSTRATING the VPTR MODEL  

To demonstrate our concept, we choose the northern area of Manhattan, New-York, as a case-study. 

The origin point is the Empire state building, and the destination point is the Central Park Zoo. Seven 

different routes with different urban characteristics were manually defined and separated to different 

layers based on integrating variant urban experiences and distances that may suit different pedestrian 

users (see the routes indicated on the right hand-side plan in Figure 4). The 3D virtual model was 

colored and marked according to the variant categories (e.g., building uses, vegetation, water etc.), 

depicted in Figure 4. Each route has a different distance between the origin and destination locations, 

while all are directed North, and never face South once underway. Each route could be the outcome of 

each of the algorithms described above: 
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1. The Routes model: running the visibility analysis on all possible routes, and in the second stage 

highlighting the differences between the routes based on the physical elements along each path and 

specifying each of the routes as related to a pedestrian user or state of mind. Each of the seven 

highlighted routes, depicted in Figure 4, have different urban characteristics that are related to 

greenery, landmarks, tall building and low-rise buildings – to name a few. Each route creates and 

simulates a different perception through movement from origin to destination. 

2. The user profile model: the seven routes represent different experiences, each can be associated 

with a different user profile. Assuming each profile may require a different visual experience and a 

different combination of weights for each scenic attribute (e.g., a ‘relaxing route’ would combine a 

maximum visibility to greenery, trees, parks, waterfront elements). 

Each scenic attribute, such as landmarks, commercial streets, high-rise and low-rise buildings, 

vegetation areas and parks, is defined in the 3D virtual model by color. The volumes represent the 

general height of the buildings in the area and several standalone buildings (Figure 4, centre). Low 

resolution polygons based on the scenic attributes define the basic preliminary spatial mapping for 

creating the ‘tailored route’ (Figure 4, left). The colors represent the schematic perimeter for the 

Central Park (green), low buildings (orange), tall buildings (yellow) and areas with prominent 

landmarks. Seven variations for possible routes, each with significantly different visual 

characteristics, were defined between origin point (the Empire State Building) and destination point 

(Central Park Zoo) (Figure 4, right).  

 

 

Figure 4: The seven possible routes between the Empire state building (origin) and central Park Zoo (destination), each with 

different built environment characteristics. 

The characteristics of each route are determined as follows: 

Route A passes directly through the 5th avenue. It is the shortest route. The tall office buildings are 

significantly present along the route, accompanied with intensive shopping areas. Landmarks are 

extended in several locations along the route, which ends with a short passing through the Central 

Park. 

Route B is defined as a tourism route passing through the main attractions consisting the West 

attractions, mainly alongside Times Square and Rockefeller center. 

Route C is the longest tourism route since it passes through most of the landmarks existing between 

the Empire state building and the Central Park Zoo. 

6



 Proceedings of the 12th Space Syntax Symposium 

Route D is a greenery/vegetation-oriented route, passing through park avenue, Bryant Park and a 

longer pass through Central Park. 

Route E is a shopping experience route. It is a straight route through Madison avenue. It is similar in a 

way to the shortest route but does not pass through the green scenery of central park until entering the 

Zoo. Few landmarks and mostly tall office buildings and shops are visible along this route. 

Route F is a relaxed residential route. It shows a detour along low-rise buildings, and at the end it 

passes through the Central Park, and as such can be considered as a low-density and relaxing route. 

Route G is an implementation of the tourism-oriented route planning proposed in Mor and Dalyot 

(2018), planned to visit POIs photographed by tourism-oriented Flickr users. This route is added as a 

control for the two tourism-oriented routes (routes B and C). Route G is experiential, i.e., state of 

mind is to experience the city 

3. RESULTS  

The visibility analysis was implemented for all the routes, according to the process detailed in Fisher-

Gewirtzman (2017). The difference between the visibility analysis stems from the length of each 

route, and the different distribution of the variant scenic attributes. These differences influence the 

perception and experience of the user. Each route is a combination of one - or more - intensified visual 

attributes (e.g., extensive vegetation or extensive number of landmarks; very tall buildings or low 

buildings, which influence the pedestrian perceived density), and weakened visual attributes of other 

visual attributes. This concept can be easily demonstrated by looking at the graphs representing the 

visibility calculations, depicted in Table 1, which represents the separate visibility calculations for all 

seven routes. The following visual attributes are illustrated by colour: type of buildings, such as 

residential (Brown), commercial (Purple), office (Lime), hotel (black) and public (Fuchsia). In 

addition, visibility to the ground (e.g., roads, sidewalks) (Gray), visibility to significant landmarks 

(Pink) and visibility to greenery, such as trees and parks (Green). The final scenic attribute is the 

water and waterfront (pale Blue), which many times is considered as an attractive scene. 

Comparative visibility analysis among Routes: 

The comparison among the routes was conducted by focusing on the different categories, and the 

visibility magnitude (i.e., how “much” a specific category is seen). The length of each route is 

different; therefore, we normalized the visibility for each category in respect to the route length. The 

results are presented for each category separately in Table 2. The normalized average sum of each 

category viewed along each route is presented, quantifying the visibility magnitude of each category. 

In addition, all categories are represented for each route in Figure 5. 

The main concept of our work is that the magnitude of visual elements represented by variant colours 

indicate on specific perceptions and pedestrian experiences. The mixture of colours, their relative 

weights, magnitude and frequency are indicating the relevancy of each route to a specific 

user/experience. Homogenic colours in the visibility analysis of a route may indicate a very specific 

use that may be adapted to a very specific user profile (e.g., routes that have an extensive green color 

on the graph should fit pedestrians that look for a relaxing urban path). On the other hand, heterogenic 

graphs may indicate a much more complex environment that may be suited for variant pedestrian 

users or variant experiences. Accordingly, the outcome values depicted in Table 2 may be used as the 

basis for the route decision, i.e., the optimized route for the user preferences. Following is the 

description of the visual characteristics of the different routes, based on values in Table 2: 

Landmarks: Route B (touristic route with main attractions) has the maximum visibility to landmarks, 

followed by route D. Route E (shopping-oriented route along Madison Avenue) has the least visibility 

to landmarks.  

Trees/Vegetation: Route D (Trees/vegetations oriented) has the maximum visibility to vegetation (as 

it is passing along park avenue and then actually through the southern part of the Central park). Route 

E has the least visibility to vegetation. Very low visibility to vegetation is also present in route C 

(Touristic route: Longest route, passing through most of the landmarks) and B (touristic route passing 

through the main attractions).  
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Skyview: Is the most extensive in route D, followed by F and G. The lowest sky view is found in 

routes E and C.  

Commerce: Extensive visibility to commerce is present in route E (Madison Avenue), followed by 

route A (along the fifth Avenue). All the rest of the routes have much lower visibility to commerce. 

Offices: The maximum visibility to offices is present in route E, followed by C and gradually getting 

lower for all the other routes. Route F (residential low-rise buildings) is the only route with 

significantly low visibility to office buildings. 

Residential buildings: Route F has the maximum visibility to residential buildings, while all other 

routes have much lower visibility for this category, and route C (focusing on touristic landmarks) has 

the minimal visibility to residential buildings. 

 

Table 1: Separated visibility analysis by categories for each route.  

Separated visibility calculations along each route  Route number and type 

 

A: The shortest route. 

 

B: Tourism route - main 

attractions, West alternative. 

 

C: Tourism route - longest 

route, passing through most 

of the landmarks. 

 

D: Greenery/vegetation-

oriented route. 

 

E: Madison Avenue - 

shopping-oriented route. 

 

F: Low-rise buildings - low 

density route. 

 

G: Tourism-oriented route 

(Mor and Dalyot, 2018). 
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Table 2: Comparative analysis between routes of the separate visibility results for each category. The Y axis represents 

the accumulated LOS for each viewpoint along a route.  

Category -normalized average sum of 

each category viewed along the route 

Comparative results 

 

Landmarks  

 
 

Vegetation  

 

 

Sky  

 

 

Commerce  

 

 

Office 

 
 

Residential 

 

  

 

 

Figure 5: A comparative analysis of the separate category visibility results. The normalized visibility value for each category in 

respect to the route length. 

Visual perception of the tailored route: 

Once we have the separated visibility analysis values, we can then look at the integrated visibility that 

is typical for a specific pedestrian profile or state of mind. As an example, we will focus on two 

options: one is a tourist profile and the other is a person (who could be a local or a visitor) interested 

in the most relaxing route. The tourist would probably be interested in an interesting and heterogenous 

route, which passes along landmarks, commerce, vegetation, and perhaps a view of the waterfront. 
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Figure 6a represents the comparative visibility analysis regarding the sum of visibility averages for the 

landmarks, sky, vegetation, commerce and waterfront categories. Figure 6b represents the same 

comparative visibility analysis, while filtering the sky category. In Figure 6a, route D has the highest 

ranking, mainly due to the visibility of vegetation (movement in Central Park) and sky-view. In 

Figure 6b, route B has the highest ranking, mainly due to the high ranking of landmarks, although 

route E also have high ranking due to the high greenery value. Both routes can be suggested to the 

tourist profile, giving him/her the option to choose from the two. 

The second example focuses on a relaxing route. Based on existing literature, a less stressing 

environment would be perceived as less dense (Fisher-Gewirtzman, 2016), reflected by the extensive 

and clear visibility to sky-view, directly influenced by low buildings, and vegetation (greenery) along 

the route, directing to routes influenced by the accumulated values of the sky, vegetation, and 

waterfront categories. In Figure 6a, the most spacious routes are D and F. Route D has the highest 

visibility rank with the highest sky-view and vegetation view and lowest landmarks view. Route F has 

a higher landmarks view, but according to the 3D model, the route is crossing a much lower density, 

influenced by the low buildings combined with the slightly lower visibility value to vegetation. 

Consequently, the pedestrian can select from both options according to his/her preferences. 

Various combinations of separate visibility analyses of the visual environment can direct towards 

tailored route suggestions, whether referring to plain functionality, which is addressed already in 

various applications (eating, shopping, culture etc.), or more experiential routes that are focusing on 

personalizing the experience based on the visual perception of space. 

  

Figure 6a (top) presenting the sum of averages: Landmarks, Sky, Vegetation, Commerce and Waterfront. 6b (bottom) 

presenting the sum of averages: Landmarks, Vegetation, Commerce and Waterfront, with no Sky. 

4. CONCLUSIONS  

In this paper we present a new route planning model, the Visual Perception Tailored Route (VPTR), 

where we consider the user experience thorough visual perception. This model suggests a customized 

route that may fit a specific pedestrian user profile, his/her interests, and even the current state of 

mind. The model relies on the 3DVA, providing the 3D visibility analysis along a route. The 3DVA 

model was originally developed to simulate the perception based on the ‘visual openness’ of the user 

(pedestrian or dweller), therefore calculating the maximum visibility from each view-point, where 

distant LOS were an advantage. In this current work, the assumption is that close-by scenic elements 

influence the pedestrian more than distant ones, thus the calculations were adjusted to the accumulated 

square root of all LOS. 

In this model, the frequency and magnitude of the visibility to specific spatial element types, or a 

combination of such elements (heterogeneity versus homogeneity), for a specific route can indicate on 

a particular spatial experience that is unique to the analyzed route. This results in recommending the 

route that has the maximum wanted effect on the user experience. Consequently, the model can 

suggest tailored routes for specific user/pedestrian profiles, augmenting the existing route planning 

algorithms, and enriching location-based services. 

Manhattan, NYC, was chosen as a case-study to assess the developed model. The urban fabric of 

Manhattan is very rich and vibrant, and provides multiple exciting and rich routes for any given origin 

and destination locations. Based on our results and analyses, it appears that the extensive richness of 

the existing visual attractions for this area, namely landmarks, commercial areas and parks, make it 

hard to pinpoint a specific route for a specific user profile interest/mood; such that analyzing an 

alternative area should be made to draw clearer insights and assess the model’s results. 
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The model is currently in its preliminary stage of development and is planned to be tested on multiple 

case-studies and assessed in real life and virtual environment experiments with users. To further 

analyse our model, we suggest conducting an experiment in the real world, where the generated 

different routes will be compared and assessed according to the user’s profile that will rate the routes 

according to their satisfaction, which will serve as an indicator for rating the model’s accuracy. 

Another possible assessment processes can be an experiment in virtual reality environment, where 

participants will be asked to tag each route according to its possible suitability to a specific pedestrian 

profile or state of mind. This model could contribute to the sustainability of current and future cities, 

promoting new pedestrianism and walkability. Tailored routes to specific users’ profile and state of 

mind would contribute largely to promoting pedestrian movement as an experiential opportunity in 

addition to the functional need of movement from one place to another. This model can become the 

foundation for experiential route planning used by urban designers and planners.  
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